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Hedge Ratio of Index Futures Based On Copula Models
CHEN Yong,ZHOU Zhou

(Hunan University Financial Institute of Statistics, hunan Province, 410082)

Abstract: There are a lot of hedge model, its applicability is also more widespread, the most
outstanding exception Copula function in multivariate joint distribution portray aspects of
performance. For complex dynamic correlation between the traditional multivariate
statistical models of financial time series often show relatively weak, there Copula function
of the right time, this function can not only decompose multivariate joint distribution, and
be translated into each variable the cumulative distribution function of the edge Copula with
a specific function, but also flexible and precise description of multivariate dependence
structure between. So Copula function in the field of financial research more widely.The
author first describes the theoretical basis for the relevant hedging rate, and thus leads to a
dynamic Copula model and use it to estimate the CSI 300 stock index futures hedge ratio,
and then compared with the traditional hedging model. Empirical estimation results show
that the effect of hedging the best Copula model, which is more price risk aversion function,
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OLS model is followed.at the same time,in Copula model family, T-Copula function hedging
best, N-Copula function slightly less.
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