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Study of Time-varying Volatility and Correlation between
Shanghai and Shenzhen Stock Market

——A test based on five-minute and fifteen-minute’s data

CHEN Shou-dong, HAN Guang-zhe

(Business School of JiLin University, JiLin ChangChun,130012)

Abstract: In this paper, we use high-frequency data as our sample and study the time-varying volatility and
correlation between Shanghai and Shenzhen Stock market. With the intraday five-minute and fifteen-minute’s
data, we build Bivariate GARCH(1,1) model to simulate and compute return series’ variance, covariance and
correlative coefficient of that are changing with time. The results show that the conditional volatilities between
the Stock markets have strongly positive correlation.

Key words: Bivariate GARCH; High-frequency Data; Time-varying
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